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Prince George’s County, Maryland Using a self-learning artificial intelligence model, YOLOvVS8, we are able to simulate g —
Advanced Driver Assistance Systems (ADAS) in order to provide guidance as to what faded 0.60
| MD/Prince George’s County roads need infrastructure improvement. w_a i
s\ Fort Meade YOLO (You Only Look Once) is a real-time object detection and identification framework
denton_ used in a variety of projects and applications. It is self-learning and provides efficient and
k detections for computer vision applications. /
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> ' Detections Observed per Mile
After all roads had completed the analysis portion of this project, they were scaled to a

number of detections per mile that YOLOv8 had analyzed.

The appropriate values of a ‘good,’ ‘fair,” and ‘bad’ road condition are based on the
number of detections per mile. Annual pavement conditions map curated by State
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Highway Administration (SHA) and Maryland Department of Transportation (MDOT) was
YOLOvVS8: How Does It Work? used as a frame of reference for the class range determination.
YOLO is an open-source framework. Using
version YOLOvV8, and training with a custom
dataset, we can detect deteriorated lane .
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faded demarcations annotated for the algorithm 1600 (artifacts). AR | Confidence Levels
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